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IMLGAM: integrated Machine Learning and Genetic
Algorithm-driven Multiomics analysis for pan-Cancer
immunotherapy response prediction

Overview
This repository contains data and code related to the study of predictive models for pan-cancer immunotherapy. The

purpose of this study is to construct a signature based on RNA sequencing data to predict the outcomes of
immunotherapy in patients with pan-cancer.

Directory Structure

® Figurel, Figure2,..:Data and original code for saving generated figures.

® The source code of the IMLAGA package.

Prerequisites

Make sure you have R and the following packages installed: IMLAGA. Install "IMLAGA" via this GitHub page or by
running the code.

devtools::install_github("Yelab1994/iMLGAM") (=

Calculate IMLGAM Score for Guiding ICI Therapy

If the IMLGAM score is lower than 0.966, it may benefit from ICI therapy.

Expression
BMP2 SELE
0 0
CD274 SH3TC1
0 0
CHST15 LAG3
0 0
CKLF TLR7
0 0
ESCO2 RXRA
0 0

https://github.com/Yelab1994/IMLGAM

https://ici-theaphy-gms.shinyapps.io/my shiny app/
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If the IMLGAM score is lower than 0.966,
it may benefit from ICI therapy.
Expression
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