L
ggClusterNet 2: — 5 ATt 4 ) H 2E W 255

W KA KEKIETRE X PEAR I D AT A
RIE= £

Mg, Xgkgg?, XZ=D, RERY, THME, ERUrEEl, SRS, XA, i,
USSR, SRRIALS, T&4, BRdims, TRHERL, RE!

WILEY

Trg ORI S, TL95 8 [E A HUR S SR A = BRI S i SE e 5, Y0758 A HILIE 1A R 57470 BSR4 ik [R] €08 A
A EIETARCE TR S h G, SO REALEFEEMAR AR 5 B 5 S5 =
2 [ AR Y A 2 B R YA MU 5 DR LA T Pl AR AR B AR b 58 DX 5080 73 B 5 SR =
SIS BIR RO ARARE, RN #E L iR SR B A sein =, W5 BiaXERRH
AHBR SIS E G =
WL B AR 7B, B ARNRF AR MY I 7N G U 52 56

Tao Wen, Yong-Xin Liu, Lanlan Liu, Guoging Niu, Zhexu Ding, Xinyang Teng, Jie Ma, et al. 2025. ggClusterNet 2:
An R package for microbial co-occurrence networks and associated indicator correlation patterns. iMeta 4: e70041.

https://doi.org/10.1002/imt2.70041


https://doi.org/10.1002/imt2.70041

N 9T
Ik LMEMEERUERFENEAEFEN, EEESEFHEEERNEMMIKILFRF.
ARER. s ErEYMELESFIEEXEER.

OO % A

MENER
30

i
b
=45 ;rtg
k
RS
—




R package for microbiome network analysis
ased multiple network layouts

1. Xiaoyu Liu, Zhexu Ding, Chao Xue, Yong-Xin Liu 5%

ayout randSNEClusterG -« ;

erfiet

G b

PolygonModsqu: RS

mode!l_maptree \
| ) m\ /f

§ v, B D \\_/ \ ¢ (

L@é’.‘ K ,,—»~

ggClusterNet 2 #EFH R IT T —EFEERIRME LI M LE 2 HTRIE
ggClusterNet 2 AL T E 2% 1T 2 KB HIE T HINE o ird iZFR R
ggClusterNet 2 110 7 & 4120 [ H fth R EX IMZ 2 @ E eI R 7=

Releases 1

g N
> ggClusterNet v.2.00 (2025.2) ( Latest)

last week

https://github.com/taowenmicro/ggClusterNet

= taowenmicro / a
- 0 ggClusterNet Qi8-8 573

<> Code () Issues 22 I pullrequests &3 Discussions

® ¥

Microbial ecological network visualization clustering

v7 104stars % 46forks ® S5Swatching ¥ 1Branch © 1Tag A Activity

@ Public repository

¥ master ~ F O Go to file Sl <> Code ~

ggClusterNet 2 &/ 7 Z#EHTIER, ZEFEENNEAMREAEEE



ggClusterNet 2 #fiA

Microbial Network Analysis Cross-domain and Multi-omics
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